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Dengty- Sendtive Spectral Clustering

WANGLing ,BO Liefeng JIAO Li-cheng
(Ingtitute o Intelligent Irformation Processing, Xidian University , Xi’ an, Shaanxi 710071, China)

Abdract:  Spectral clustering has become increasingly popular in recent years. Being a pairwise method ,the success of spec-
tral clustering depends heavily on the choice of similarity measure. Through anayzing the property of data clusters,a novel daterde-
pendent similarity measure is proposed , namely density-sensitive similarity measure ,which has the ahility of describing the characters
o data clustering compared with the traditional Euclidian metric based similarity measure. Based on the novel similarity measure ,we
have a density-sensitive spectra clustering al gorithm. Compared with the original spectral clustering,it has the advantages of effec-
tively dealing with the multi-scale problems and relatively not sensitive to parameter. It obtains promising results not only on artifi-
cia datasets but also on USPS handwritten digit dataset.
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